
Open weights may commoditize parts of the model layer without commoditizing the AI

economy. The weights can be downloaded. A useful production system still needs chips,

memory, networking, power, software, security and skilled operators. That shifts pricing

pressure toward models while expanding the number of organizations that can buy

everything around them.

On Friday, a broad coalition of American technology companies published a joint letter on open weights

and American AI leadership. The signatories span model developers, cloud and hardware vendors,

enterprise software companies, investors and developer platforms. Their argument is that downloadable

models can broaden access, increase competition and give organizations more control over where AI

runs.

That is the strategic case. The economic case is more interesting.

If the model weights are available at little or no upfront cost, who funds their development? Who pays to

run them? Which companies lose pricing power, and which sell more of the physical and software stack

underneath?

The answer begins with a distinction the industry often blurs.
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Three models of access
C L O S E D ,  O P E N - W E I G H T  A N D  O P E N - S O U R C E  A R E  N O T  S Y N O N Y M S

A model is a trained mathematical system. Its weights are the learned numerical parameters that shape

what it produces. Access to those weights determines how much control a user has, but weights alone do

not reveal the complete training recipe.

A  P L A I N - E N G L I S H  C O M P A R I S O N

What does the customer actually control?
Closed model: rent the intelligence
The provider keeps the weights and usually runs the system. The customer pays through an API, subscription

or enterprise contract. Deployment is simple, but control and portability are limited.

Open-weight model: take the trained engine
The customer can download the weights, modify them and run the model on chosen infrastructure, subject to

its license. The training data and complete training code may remain undisclosed.

Open-source AI: study and change the full system
Under the Open Source Initiative’s definition, users need the freedom and preferred form needed to use,

study, modify and share the system. That includes weights, code and detailed information about the training

data.

That is why we use open-weight unless a system meets the stronger open-source standard. The terminology

matters because the commercial rights, transparency and operating burden can differ substantially.

A free model is not a free system
D O W N L O A D I N G  T H E  W E I G H T S  I S  T H E  B E G I N N I N G  O F  T H E  B I L L

Imagine a manufacturer is given a free industrial engine. The engine is valuable, but it is not a working

factory. The company still needs a building, electricity, machinery, controls, technicians, safety systems

and maintenance.

Open-weight AI follows the same logic. Production inference requires accelerators to perform

calculations, memory to keep data near those chips, networking to move information, storage for the

model and its context, and power and cooling for the facility. Then come inference software, monitoring,

cybersecurity, evaluation, fine-tuning and the engineers who keep the service reliable.



A company can avoid paying a frontier lab for every token and still spend heavily to own the outcome.

The cost moves from a visible API invoice into cloud consumption, equipment, software and operations.

W H O  P A Y S  F O R  “ F R E E ”  A I ?

Follow the capital through the stack
1. Who can subsidize development?
Advertising and platform cash flow, hardware and cloud profits, venture capital, governments, sovereign

funds and enterprise funding.

2. The weights become broadly available
More developers and enterprises can build without training a foundation model from scratch.

3. Spending reappears around the model
Accelerators and memory, cloud and neocloud inference, networking, storage, power, cooling, security,

support, fine-tuning, deployment tools, proprietary applications and distribution.

The weights can be free because the ecosystem around

them is not.

Why would anyone give the weights away?
N O T  E V E R Y  S P O N S O R  N E E D S  T O  M O N E T I Z E  T H E  M O D E L  D I R E C T L Y

Closed-model providers monetize access. They can sell API calls, subscriptions, enterprise licenses,

premium reasoning, agentic tools and applications. Their advantage is a direct tollbooth around the

model.

An open-weight sponsor can monetize indirectly. A platform company may want a common model

ecosystem that improves its products and reduces dependence on another provider. Meta has said that

selling model access is not its business model and that an open ecosystem can reduce lock-in around its

own technology.

For a chip company, every additional deployer is a potential buyer of accelerated compute and

production software. For a cloud, a portable model can still generate paid storage, networking and

inference consumption. NVIDIA’s NIM offerings illustrate the pattern: some inference microservices are



free, while its enterprise-certified tier adds lifecycle, security and support guarantees and requires

NVIDIA AI Enterprise.

These businesses do not need the model layer to keep all the margin. They need it to create more

workloads for the layer where they already earn money.

Who gains, and who feels pressure?
T H E  M O D E L  L A Y E R  G E T S  M O R E  C O M P E T I T I V E  A S  D E P L O Y M E N T  S P R E A D S

Frontier model labs
More price competition for routine tasks, while the hardest problems can preserve premium pricing.

Accelerators, memory and networking
A larger deployment universe, tempered by model efficiency, custom silicon and price competition.

Hyperscalers and neoclouds
More hosting demand and portability, alongside sharper competition for the same workload.

Enterprise software and applications
More choice for embedded and customized AI. Proprietary data, workflow and distribution become more

valuable.

Sovereign and edge deployments
More control over data location, latency and infrastructure, especially where dependence on a remote API is

unacceptable.

Enterprise customers
Lower switching costs and more control, but greater responsibility for security, reliability and operations.

The joint letter makes this diffusion part of American AI strategy. Its signatories argue that broad access

can spread AI through factories, hospitals, farms, classrooms and small businesses while increasing

competition across chips, clouds, applications and services. It also acknowledges a real tradeoff: once

weights are released, the original developer cannot fully control or recall modified versions.

Openness expands capability and responsibility at the same time.

The closed-model bull case remains strong
C O N V E N I E N C E ,  A C C O U N T A B I L I T Y  A N D  F R O N T I E R  P E R F O R M A N C E  S T I L L  M A T T E R

Training frontier models remains enormously expensive. Stanford’s AI Index estimates several recent

frontier training runs in the tens or hundreds of millions of dollars. The strongest closed providers can

spread that investment across many customers and improve the service centrally.



Many enterprises will prefer a provider that handles reliability, updates, security, support and contractual

accountability. The best closed models can retain pricing power on difficult tasks where capability

matters more than unit cost. Intelligence delivered as a managed service is also much easier than

assembling and operating the stack yourself.

Open weights do not eliminate closed models. They force closed providers to prove where the premium is

earned.

The open-weight bull case is broader deployment
L O W E R  M O D E L  R E N T S  C A N  E N L A R G E  T H E  I N F R A S T R U C T U R E  M A R K E T

Open weights reduce switching costs, permit deeper customization and support private, on-premises and

sovereign deployments. A specialized company can adapt a smaller model to a narrow task. A

government can keep sensitive workloads inside its own boundary. A device maker can move inference

closer to the user for lower latency or better privacy.

Each deployment may be smaller than a frontier training cluster. The number of deployments can be

vastly larger. That is the infrastructure opportunity: not one model consuming everything, but thousands

of organizations operating many models across clouds, private data centers and edge devices.

The investment question underneath the argument
D O E S  U S A G E  G R O W  F A S T E R  T H A N  E F F I C I E N C Y ?

Open models can reduce compute required for a fixed task by encouraging smaller models, better

software, quantization and custom chips. They can also make AI cheap and controllable enough to enter

many more workflows. The decisive variable is not model price alone. It is aggregate compute consumed

after lower prices, new applications and more efficient systems interact.

The infrastructure thesis weakens if efficiency improves faster than new usage grows, if more work moves

to low-power edge devices, or if custom silicon sharply reduces spending captured by today’s suppliers. It

strengthens if lower model costs unlock enough new inference, customization and agentic work to

overwhelm those savings.

That is the Jevons question for AI infrastructure. More efficient intelligence does not guarantee more

physical demand. It lowers the economic barrier that new demand must clear.

T H A T  I S  W H A T  W E  R E A D  T H I S  W E E K .



We expect a hybrid market. Closed models should retain the hardest frontier work and customers who value

convenience and accountability. Open weights should spread across countries, enterprises, devices and

applications that value control and customization.

As the model layer becomes more competitive, economic power can migrate toward infrastructure,

distribution and proprietary applications. NVIDIA does not need every open model to win. The larger

opportunity is that openness multiplies the number of organizations building AI, and every production

deployment still has to run somewhere.
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